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from torch_geometric.nn import ComplEx

model = ComplEx(
num_nodes=train_data.num_nodes,
num_relations=train_data.num_edge_types,
hidden_channels=50

Deep Graph Library (DGL)
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from pykeen.pipeline import pipeline
results = pipeline(
model="TransE",
dataset="Nations',
training_kwargs=dict(num_epochs=100)
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gds. run_cypher

CREATE VECTOR INDEX entity_embeddings

FOR (n:Entity) ON (n.embedding)

OPTIONS {indexConfig: {
“vector.dimensions : 128,
“vector.similarity_function : 'cosine'
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